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Executive Summary

The enterprise software industry is experiencing a paradox. Al coding tools have made individual developers
dramatically more productive, yet enterprise delivery performance has not improved at the same rate. In many

organizations, it has deteriorated.

This white paper examines the data behind this paradox, explores its structural causes, and proposes a model for
resolving it. Our central argument: the bottleneck was never code generation. It was always the loss of context,
knowledge, and institutional intelligence between engagements. Al has accelerated throughput while leaving that

structural failure entirely intact.

We call this failure the Learning Tax: the cumulative cost enterprises pay each time a new project or team starts
from scratch, rebuilding context that already existed. Every engagement that resets knowledge is an engagement

that charges the full price of ramp-up, rediscovery, and re-validation.

The solution is not better tools. It is a fundamentally different delivery model one where enterprise knowledge
compounds across engagements rather than resetting with each new project. We call this model Compounding
Build.

Key Findings at a Glance

» 90% of developers now use Al tools at work (DORA 2025) yet delivery stability declined in 2024 (DORA 2024:
-7.2% stability)

» Only 31% of enterprise Al use cases reach production (ISG 2025). The Demo-to-Production gap is widening,

not closing.

» McKinsey research finds that organizations with 80-100% AI developer adoption see 110%+ productivity

gains but only when workflows are redesigned to match. Without redesign, gains evaporate downstream.

» DORA 2025 confirms Al is a systems problem, not a tools problem. Seven team archetypes reveal that Al

amplifies existing strengths and exposes existing weaknesses. It does not create new capabilities.

» Organizations that redesign delivery workflows around AI rather than layering AI onto legacy processes

achieve compounding returns. Those that do not see individual gains disappear at the system level.

» The Compounding Build model addresses the structural root cause: persistent enterprise memory, reusable

decisions, embedded governance, and intelligence that accumulates across every engagement.
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1. The Al Productivity Paradox

Something unusual has happened in enterprise software over the past two years. Al adoption has grown faster
than almost any technology in the industry's history. Organisations have invested heavily, developers have
embraced the tools, and the productivity numbers at the individual level are genuinely impressive. By every

developer-level measure, the Al era of software delivery is working,

And yet a fundamental tension persists. Throughput is improving. Individual effectiveness is climbing. Code
quality metrics are better. But one finding has remained consistent across every major study of Al-assisted
software delivery, from 2024 through to 2025: delivery stability keeps getting harder. More Al-generated code,
moving faster through organisations, is producing more rework, more failed deployments, and more downstream

chaos.

The DORA 2025 State of AI-Assisted Software Development report, drawing on nearly 5,000 technology
professionals and over 100 hours of qualitative research, captures this precisely. AI now has a positive

relationship with throughput and product performance. Organisations are learning.

Adapting. Getting better at integration. And yet: Al continues to have a negative relationship with software

delivery stability, consistent across two consecutive years of research.

This is not atools problem. The tools are improving continuously. This is a structural problem that Al keeps

exposing. No amount of better tooling will resolve it.

The Root of the Tension: What Developers Are Measured On

To understand why stability keeps declining even as every other metric improves, you have to examine where the

measurement system breaks down: at the developer level.

Speed of code generation is the dominant productivity metric for individual software developers. Pull requests
submitted. Tickets closed. Code written per sprint. These are the measures that appear in performance reviews,

team dashboards, and engineering scorecards. They are visible, quantifiable, and highly sensitive to Al tools.

Al coding tools are extraordinarily effective at precisely these metrics. They accelerate exactly what developers
are evaluated on. From the developer's perspective, the tools are delivering. From the engineering manager's

perspective, the team is delivering. Dashboards show green. Velocity is up. Reports to leadership look strong.

The problem runs deeper than a measurement gap. It is a structural misalignment that shapes decisions at every
level: investment, hiring, tooling choice, and organisational expectation. When developer metrics look strong and
delivery outcomes disappoint, the instinctive response is to look for the problem somewhere other than the
measurement system itself. Headcount perhaps. Project management. Process discipline. The developers are

clearly performing.
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Al improves outcomes at nearly every individual level. The one consistent exception: system stability. This has

held across two years of DORA research. The tools keep getting better. The structural problem beneath them

does not.

This misdiagnosis is expensive. More developers writing faster code into the same downstream system does not

resolve the stability problem. It intensifies it. Faros Al telemetry across more than 10,000 developers quantified

this precisely: Al adoption drove a 98% increase in pull request volume and a 21% increase in individual task

completion. Organisational delivery metrics remained flat. The gains did not disappear. They shifted the

bottleneck, from code generation to everything that comes after it.

The Amplifier Effect: Why Adaptation Has Limits

DORA 2025 introduced a framework that explains
why organisations adapting to AI tools still face the
stability problem: Alis an amplifier. It magnifies the
characteristics of the delivery system it operates

within, strengths and weaknesses alike.

High-performing teams with strong architecture,
mature testing practices, and embedded governance
see AI compound their advantages: faster throughput,
higher quality, better product outcomes. Teams
operating in weaker system conditions see AI surface
and intensify the problems already present. The
Adidas case study in DORA 2025 demonstrates this at
scale: teams on loosely coupled, well-structured
architecture saw 20-30% productivity gains. Teams
on tightly coupled legacy ERP systems reported near-

zero benefit. Same organisation.

90%

of developers use Al daily
DORA 2025

+98%

pull request volume with Al
Faros Al Telemetry 2025

Kaara

Same tools. Completely different outcomes, driven

entirely by the underlying system condition.

This is why adaptation has limits. Organisations can
get better at deploying AI tools. Teams can learn
where and how to use them most effectively. But if
the underlying delivery system carries structural
weaknesses; missing context, governance applied
after the fact, knowledge that resets with every
engagement; AI will keep amplifying those
weaknesses, regardless of how sophisticated the

tooling becomes.

The question DORA's stability finding forces is not
how to use AI better. It is what structural condition
keeps generating instability even as everything else
improves. That question leads directly to the real

problem.

31%

of enterprise Al use cases
reach production
ISG 2025

Al stability decline: consistent

across both DORA cycles
DORA 2024 + 2025
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The AI Productivity Paradox: Diverging Trajectories

100 4 Developer metrics Developer metrics
climbing with AI climbing with AI adoption

90

80 1

Index (Base 100)

701

Stability persists as a
60 problem across both

DORA cycles (2024-2025) =@= Individual Developer Productivity

== Enterprise Delivery Stability

The Paradox Gap
Q12024 Q22024 Q32024 Q42024 Q12025 Q22025 Q32025
Source: DORA 2024 / 2025 State of Al-Assisted Sof Develop . Faros Al Telemetry 2025. Illustrative index.

2. What Is Actually Broken: The Structural Causes of the Paradox

The AI Productivity Paradox is not a technology failure. Every component of the Al tooling stack is performing as

intended. Developers are more productive. Code is generated faster. Individual metrics are measurably better.

The failure is structural. The delivery system that AI-generated code flows into was designed for a world where
code production was the bottleneck. In that world, the downstream steps: context validation, governance review,
integration, compliance checks, production deployment. These were adequately paced to match the speed at

which code arrived. That world no longer exists.

Al removed the bottleneck it was designed to address, and in doing so exposed every other bottleneck in the
system. The result is not a single structural failure. It is five interconnected ones, each feeding the others, each
made more visible and more urgent by Al acceleration. Together, they are the reason delivery stability keeps

declining even as individual productivity keeps improving.

2.1 Zero-Start Syndrome: Every Engagement Pays Full Price

The first structural failure is so deeply embedded in enterprise software delivery that most organisations have
stopped noticing it. Every new project begins at zero. Not zero in the sense of a clean slate and fresh thinking, but
zero in the sense of paying the full cost of discovery, ramp-up, and context-building as though nothing relevant

was ever learned before.

A new team arrives. They spend the first weeks in discovery: mapping the architecture, understanding the
regulatory environment, identifying the integration dependencies, learning the business domain. They interview
stakeholders who were interviewed by the last team. They document requirements that were documented
eighteen months ago. They make architecture decisions that were debated, resolved, and reasoned through on
the previous engagement, whose rationale now lives only in the memory of someone who has since left the

organisation.
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This is Zero-Start Syndrome. It is not a failure of individual competence or organisational intent. It is the structural
consequence of a delivery model that stores knowledge in people rather than systems. When people change, the
knowledge resets. When the knowledge resets, the next team pays the full cost of rebuilding it. Every single

engagement, regardless of how many came before it.

The economics of Zero-Start Syndrome are significant even without AI. McKinsey research estimates the average
enterprise software engagement spends four to six weeks in ramp-up before productive delivery begins. For a
standard six-month programme, thatis 15 to 25 percent of total project time consumed before a single line of
production-ready code is written. Across a portfolio of ten engagements per year, this represents months of paid

capacity that generates no business output.

Al accelerates Zero-Start Syndrome rather than resolving it. A team using AI coding tools can generate
production-scale code volume within days of project start. But if they are generating that code without the
enterprise context that governs it, the result is not fast delivery. It is fast creation of code that will fail validation,
conflict with existing architecture, or violate compliance requirements discovered only when it reaches the
governance checkpoint. Speed without context does not compress time to production. It compresses time to

rework.

Zero-Start Syndrome is the origin point of the AI Productivity Paradox. It is why individual productivity can climb
while delivery stability declines. Developers are generating more, faster. The system receiving that code lacks the
context to absorb it reliably. The gap between generation speed and contextual soundness is precisely where

instability originates.

2.2 The Measurement Problem: Optimising the Wrong Constraint

The first and most foundational structural failure is that enterprise software delivery has spent a decade

measuring and optimising the wrong thing,

Speed of code generation became the dominant developer productivity metric because, in the pre-Al era, it was a
reasonable proxy for delivery speed. The fastest path to faster delivery was faster code. That logic made the

metric sensible.

Al broke the proxy relationship. Code generation is now so fast that it is effectively unconstrained. But the metric.
The performance management systems, tooling investments, and incentive structures built around it have not
changed. Developers are still evaluated, rewarded, and promoted based on code velocity. Al makes them better
at exactly that. The incentive structure is perfectly aligned to produce more code, faster, than the downstream

system can absorb.

McKinsey's 2025 research on Al in software development identifies outcome measurement as one of the primary
differentiators between high-performing and low-performing AI programmes. High performers track delivery
outcomes: time to production, change failure rate, rework volume. Low performers track adoption and velocity
metrics. The distinction is not philosophical. It directly determines whether Al investments produce system-level

improvement or simply accelerate the accumulation of downstream pressure.
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Until enterprises redesign their measurement systems to reflect delivery outcomes rather than code generation
speed, AI will keep producing the DORA stability finding. Not because the tools are flawed, but because the

incentive system is directing them at the wrong constraint.

2.3 The Context Collapse: Knowledge That Cannot Survive the System

The second structural failure is one that predates Al entirely, but which AI has transformed from a manageable

inefficiency into a critical delivery liability.

In traditional software delivery, institutional knowledge lives in people. The architect who understands why the
system was designed a certain way. The engineer who remembers what the compliance team required on the last
project. The consultant who built the integration layer and knows where its constraints lie. This knowledge is real,

valuable, and largely inaccessible to anyone who was not present when it was created.

When team composition changes, which it does constantly in enterprise software delivery, this knowledge does
not transfer. New teams rediscover constraints that were already mapped. They revisit architecture decisions that
were already made and reasoned through. They rebuild compliance understanding that already existed. The DORA
2025 Al Capabilities Model identifies this directly: Al-accessible internal data, specifically connecting Al tools to
internal repositories, documentation, and decision logs, is one of the highest-impact capabilities for translating Al

adoption into better delivery outcomes.

The reason this finding matters as much as it does in 2025 is that AI amplification makes context collapse far
more expensive than it was before. When code generation was slow, the cost of rebuilding context was absorbed
across a long project timeline. When code generation is fast, context collapse happens immediately: developers
write at Al speed into a system they do not fully understand, generating code that will conflict with constraints
discovered only during review or in production. GitClear research found that code churn, code written and then
discarded within two weeks, is doubling in AI-assisted development environments. This is not a quality problem.
It is a context problem. Fast code, written without institutional knowledge, failing against requirements that

already existed.

2.4 The Production Gap: Why 69% of Al Initiatives Never Arrive

The third structural failure is the one most enterprises have encountered directly, and most have not yet resolved.

ISG's 2025 analysis found that only 31% of enterprise Al use cases successfully reach production deployment.
The remaining 69% stall somewhere between successful demonstration and operational reality. This is not a
recent development caused by the speed of Al progress. It is a structural consequence of how enterprise software
has always been built: governance, compliance, integration requirements, and operational standards are treated

as post-delivery concerns rather than design-time requirements.

A pilot that works in a controlled environment typically works because it was built without the constraints that
govern production systems. Security policies are not enforced. Regulatory requirements are not met. Integration

dependencies are not resolved. Audit trails are not generated. These are not oversights.
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They are deliberate trade-offs made to achieve a fast demonstration. The problem is that the cost of retrofitting

production requirements after a successful pilot is consistently underestimated, and frequently unviable.

The failure mode is remarkably consistent across industries and confirmed by multiple independent sources.
ISG's 2025 enterprise AI deployment analysis, one of the most comprehensive studies of its kind, traced the 69%
production failure rate to a single recurring cause: pilots are built without the enterprise context they need to
survive production. Security policies unenforced. Regulatory requirements unmet. Integration dependencies
unresolved. Audit trails absent. These are not oversights. They are deliberate trade-offs made to achieve a fast

demonstration, whose cost is deferred to the point where deferral is no longer possible.

Al acceleration makes this structural gap more consequential, not less. A faster pilot creates a stronger business
case and builds higher organisational expectations. The momentum behind it is greater. The cost of discovering
the governance and integration gap at the production threshold is therefore higher, and the reputational and
financial consequences of a stalled programme are more severe. Speed of demonstration and readiness for
production are not the same capability. Organisations that treat them as interchangeable keep paying the price of

that confusion.

DORA 2025 identifies this as one of the primary reasons AI adoption produces instability: teams without strong
governance-by-design and automated compliance checking are particularly vulnerable to production deployment
failure, regardless of how well the development phase went. The demonstration worked. The production

deployment did not. In the Al era, this failure is arriving faster and at greater organisational cost.

The Enterprise AI Production Funnel: Where 69% of Initiatives Stall

Enterprise Al Initiatives Launched 100%

-22% lost here
78%
-26% lost here

Passed Internal Governance Review

-14% lost here

Integration & Compliance Cleared

v
Reached Production Deployment

Source: ISG 2025 Enterprise AI Production Deployment Rate Analysis. Based on analysis of enterprise AI deployment across regulated Industries

-7% lost here
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2.5 The Governance Retrofit: Safety Added Last Costs the Most

The fourth structural failure is directly connected to the production gap. Governance, compliance, and security are
treated in most enterprise delivery models as activities that happen after the software is built. This sequencing

has always been expensive. In the Al era, it is becoming untenable.

When governance is added after delivery, it requires reconstructing the decision trail from the artefacts rather
than capturing it during the build. For regulated enterprises, this means audit documentation that was never
generated must beinferred. Compliance evidence that should have been automated must be manually
assembled. Security controls that should have been built in must be retrofitted, often requiring significant rework

of systems already in production.

The financial cost of late governance integration is well-documented: defects discovered in production are
consistently more expensive to resolve than defects caught at design time, by factors of 10 to 100 depending on
the system and the industry. AI multiplies this cost because it multiplies the volume of code requiring governance
validation. More code, generated faster, arriving at the governance checkpoint at a rate the checkpoint was not

designed to process.

Inregulated industries, banking, healthcare, insurance, and pharmaceuticals, this is not a cost management issue.
It is an existential deployment issue. Regulatory bodies require explainable, auditable Al decisions. Organisations
that cannot produce these traces, because governance was not built into the delivery process, face deployment

blocks that can extend for months and in some cases make the entire programme non-viable.

2.6 The Quality Lottery: Outcomes That Depend on Who Gets Assigned

The fifth structural failure is the one that most directly contradicts the promise of Al -assisted delivery.

Traditional delivery models produce quality as a function of staffing. An experienced architect with deep domain
knowledge produces better outcomes than a junior team working from incomplete understanding. This has always
been true, and it has always created unpredictable quality distribution across an enterprise's delivery portfolio.

Some projects benefit from the best available talent. Others do not.

Al was supposed to change this equation. And at the individual level, it does: Al tools help less experienced
developers write better code. But the staffing dependency runs deeper than code quality. It runs through
architecture decisions, compliance interpretation, integration design, and domain understanding. These are the
decisions that determine whether a project succeeds in production. These remain entirely dependent on who is

assigned and what they know.

DORA 2025 identifies user-centric focus and healthy data ecosystems as the highest-impact capabilities for
consistent AI outcomes. Both require organisational infrastructure that transcends individual talent: shared
understanding of who the system serves, and accessible, reliable internal data that informs every decision.
Without this infrastructure, Al amplifies the talent of whoever is present rather than creating systemic quality. The

quality lottery continues. Al just raises the stakes.
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Five structuralfailures. One common cause. Each engagement resets the knowledge that could prevent them.

Until that changes, AI acceleration makes every one of them more expensive.

3. The Learning Tax: Quantifying the Cost

The five structural failures described above have acommon economic consequence: enterprises pay, repeatedly,

for knowledge and context they already possess. We call this the Learning Tax.

The Learning Tax is not asingle cost. It is a compound inefficiency that accumulates across every engagement,

every team rotation, every new project start. Its components include:

Leaming Tax Component Description Estimated Cost Impact

Time for new teams to rebuild context already

Discovery Ramp-Up held by predecessor teams

4-6 weeks per engagement

Re-validating regulatory requirements already 2-4 weeks in regulated

Compliance Rediscovery e T e dustries

Rebuilding understanding of existing system

Architecture Reconstruction . .
decisions and constraints

10-20% of early sprint capacity

Knowledge Walk-Out Exp.ertlse lost when team members rotate off Unqu.antlflef:l; frequently cited

projects as primary risk
- . . . 0

Demo-to-Prod Rework Cost of rebuilding pilots that lacked enterprise !:L!”' pr'OJect cost for 69% of Al

context from the start initiatives
. . Cost of defects produced when institutional 3-5x more expensive to fix in

Quality Variance R . .

knowledge is missing production vs. design

Across a portfolio of ten enterprise engagements per year a conservative estimate for a mid-sized enterprise the
Learning Tax can consume 20-30% of total delivery investment. It is invisible on most project budgets, because it

is absorbed as overhead, schedule variance, and quality remediation rather than appearing as a discrete line item.

The economic logic of eliminating this tax is compelling. If enterprise knowledge compounds across engagements
rather than resetting, the first engagement is already faster than the traditional model. The second engagement is
faster still. By the third engagement, the accumulated context means that teams are not paying for any of the
Learning Tax components in the table above and the marginal cost of each subsequent engagement continues to
fall.
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What was merely inefficient is now a competitive liability. AI compresses timelines from months to weeks. The

Learning Tax stays the same.

The strategic pressure intensifies in the Al era. When AI compresses code delivery from months to weeks, the
Learning Tax, which previously represented 15-25% of project time now represents 50-75% of project time. The

bottleneck did not grow. The delivery engine around it shrank.

4. What the Research Tells Us Works

The research literature on high-performing Al-enabled delivery organisations converges on a set of clear
conditions that separate organisations achieving compounding returns from those experiencing the productivity
paradox. These conditions are structural, not technological. The tools are largely interchangeable. The system

conditions are not.

4.1 Workflow Redesign is Non-Negotiable

McKinsey's 2025 State of Al research identifies workflow redesign as having one of the highest correlations with
achieving meaningful AI business impact, across all factors studied. High performers do not layer Al onto legacy

workflows. They rebuild processes to match the new pace Al enables.

This finding appears consistently across multiple independent research sources. DORA 2025 emphasises that
Value Stream Management ensuring local productivity gains translate into measurable product performance acts
as aforce multiplier for Al adoption. Without it, local gains create downstream chaos rather than system-level

improvement.

The implication for enterprise delivery is direct: Al coding tools deployed into legacy delivery workflows will
produce the DORA 2024 outcome: faster code generation, degraded delivery stability. The same tools deployed
into redesigned, context-aware delivery workflows produce the McKinsey high-performer outcome: 110%+

productivity gains that are visible at the system level.

4.2 Context Must Be Executable, Not Documented

The distinction between documented knowledge and executable knowledge is critical, and consistently under-

appreciated in enterprise Al adoption programmes.

Documentation architecture decision records, compliance frameworks, integration patterns is necessary but
insufficient. It requires human interpretation, human recall, and human judgment to apply. When team

composition changes, this interpretation layer changes with it.

DORA 2025 identifies context quality as one of the seven foundational AI capabilities in its new AI Capabilities
Model.
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Specifically: organisations where developers have access to good context for Al interactions see dramatically
better outcomes from Al tools. The Booking.com case study illustrates this at scale: providing developers with
proper context and instructions produced a 30% increase in successfully merged code with no change in the

underlying Al tools.

The principle extends beyond individual developer interactions. When context is encoded into the delivery system
itself when compliance rules, architecture patterns, and domain knowledge are embedded into the process rather
than stored in documentation quality becomes systemic rather than personal. It does not depend on who is

assigned or how experienced they are. It is enforced by design.

4.3 Governance Must Shift Left

The consistent finding across DORA, McKinsey, and BCG research is that organisations that embed governance
earlier in the delivery process outperform those that treat it as a post-delivery activity on every relevant metric:

speed to production, change failure rate, regulatory approval timelines, and total cost of delivery.

DORA's analysis of the demo-to-production gap identifies late governance integration as a primary cause of the
69% failure rate for enterprise Al initiatives. Projects that build compliance, security, and audit capability into the

delivery process from day one navigate production deployment significantly faster than those that retrofit it later.

Inregulated industries banking, insurance, healthcare, pharmaceuticals this is not a productivity consideration. It
is asurvival consideration. Regulatory bodies including the RBI, HIPAA, SOX, and equivalent frameworks in each
geography require explainable, auditable AI decisions. Organisations that cannot produce these traces face

deployment blocks that governance-by-design teams avoid entirely.

4.4 Measurement Must Match the Model

McKinsey's research identifies outcome measurement as a key differentiator between high -performing and low-
performing Al adoption programmes. High performers track quality improvements (79%) and speed gains (57%)
as outcomes, while low performers focus on adoption metrics tool usage, code acceptance rates that show little

correlation with business performance.

DORA 2025 reinforces this: its five core metrics, reorganised into throughput and stability dimensions, are
designed to surface system-level performance rather than individual productivity. Organisations that measure
only individual productivity will consistently overestimate the value of their AI programmes and will be surprised

when delivery outcomes do not match the metrics they are tracking,

The implication for enterprise AI programmes is that measurement frameworks must be redesigned alongside
delivery workflows. An organisation tracking lines of code generated per developer per day is measuring the
wrong thing. An organisation tracking time to production, change failure rate, and ramp-up time per engagement

is measuring what actually matters.
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5. Compounding Build: A New Category of Enterprise Delivery

The structural diagnosis leads to a structural conclusion. Solving the Learning Tax requires a delivery model built
on fundamentally different principles from traditional consulting and project delivery. We call this model

Compounding Build.

Compounding Build is not a product feature or amethodology add-on. It is a category of enterprise delivery
defined by four structural characteristics that, taken together, eliminate the Learning Tax and create the

conditions for knowledge to accumulate rather than reset.

5.1 Enterprise Memory by Design

The first characteristic of Compounding Build is that enterprise knowledge is encoded and persisted across every
engagement. Architecture decisions, compliance frameworks, integration patterns, domain conventions, business
rules these are captured not as documentation but as executable context: verified, versioned, and immediately

applicable on the next engagement with the same enterprise.

This is a qualitatively different concept from a knowledge base or a documentation repository. Documentation
requires human interpretation to apply. Executable enterprise memory is embedded in the delivery process itself:
it shapes every decision, enforces every relevant constraint, and surfaces every relevant pattern automatically,

without requiring the team to know it exists or the discipline to consult it.

The result is that ramp-up time falls dramatically not because teams are faster at the ramp-up process, but
because the ramp-up information is already present. Every subsequent engagement with the same enterprise

starts with full context. There is nothing to rebuild.

5.2 Reusable Decisions

In traditional delivery, architectural decisions are made, documented (if the team is disciplined), and then remade
by the next team that encounters the same problem. The decision is not reused; only the conclusion is

(sometimes) available. The reasoning, the constraints, the alternatives considered these are lost.

In Compounding Build, decisions are reusable. The architectural pattern proven in a BFSI engagement is available
in the next BFSI engagement. The compliance framework validated for RBI regulation is encoded and applicable
to the next RBI-regulated deployment. The integration pattern that resolved a complex API dependency is a

starting point, not a discovery task.

This is not simply a library of templates. Reusable decisions in a Compounding Build model are context-aware:
they carry the conditions under which they apply, the constraints they satisfy, and the limitations they carry. They
inform rather than mandate. But they eliminate the cost of rediscovery one of the largest components of the

Learning Tax entirely.
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5.3 Embedded Governance

The third characteristic addresses the governance failure directly. In Compounding Build, governance is built into
the execution process, not added as a post-delivery layer. Security policies, compliance frameworks, audit
requirements, and quality standards are enforced by the delivery platform automatically, at every decision point,

on every engagement.

This is governance by design rather than governance by oversight. The difference is not merely philosophical.
Governance by design produces audit trails as a byproduct of delivery, not as an additional effort. It enforces
regulatory requirements at the point of code generation, not at the point of production deployment. It makes

every decision traceable, explainable, and verifiable without adding to the burden on individual engineers.

For enterprises operating in regulated industries, this characteristic alone represents a transformation in the
economics of Al deployment. Organisations that cannot demonstrate governance compliance at the point of AI
decision-making face deployment blocks that can extend for months. Organisations with embedded governance

move directly from build to production approval.

5.4 Compounding Intelligence

The fourth characteristic is the consequence of the first three: intelligence accumulates. Each engagement makes
the next one faster, cheaper, and more accurate not as a promise, but as a structural property of the delivery

system.

This is the direct inverse of the Learning Tax. Where the traditional model charges a full knowledge tax on every
engagement, the Compounding Build model produces a knowledge dividend: the first engagement establishes the
enterprise memory layer, the second engagement benefits from it, and each subsequent engagement both draws

on and adds to the accumulated intelligence.

The compound effect is meaningful at the portfolio level. Across ten engagements per year, the Compounding
Build model produces progressively lower unit costs of delivery, progressively higher first-time quality rates, and
progressively shorter time-to-production cycles while the traditional model holds approximately constant on all

three.
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Traditional Delivery Model Compounding Build Model

Knowledge resets every engagement Knowledge aVccumulates across every engagement
Quality depends on who gets assigned Quality is systemic, not personal

Every project starts from zero Every project builds on the last

Best practices live in documents Best practices are in production code

Governance is added after build Governance is embedded in execution

You pay for time, not outcomes You pay for outcomes that accelerate

Ramp-up: 4-6 weeks per engagement Ramp-up: less than 1 week per engagement

Time to production: 4-6 months Time to production: 6-8 weeks

Expertise walks out the door Expertise lives in the system

6. The Compounding Value Model

The economic case for Compounding Build is most visible when modelled across multiple engagements with the
same enterprise. The following progression illustrates the compounding effect in a typical enterprise software

delivery programme.

Engagement Phase Key Outcome Compounding Effect

40-60% faster to production. Al

1st . i . . Full ramp-up cost paid once.
Engagement Foundation visible |n.p.rqd.uct|on. Enterprise Memory layer established.
Memory initialised.
Zero ramp-up time. Validated i .
énd ; Acceleration patterns reused. Memory deepens iaT‘Pt u;; COS(; ehmmated. q
ngagemen automatically. rchitecture decisions reused.
3rd Self-strengthening system. Each engagement now costs
Engagement Optimisation Compounding ROIL. Lower total cost less than the previous. ROI
gag of change. accelerates.
N Expertise lives in the system. The Learning Tax is eliminated.
g Institutional L . P L
Ongoing Intellicence Quality is systemic. Every initiative Knowledge dividend
8 costs less than the last. compounds.
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Short-Term vs. Long-Term Value

The Compounding Build model creates two distinct layers of value for enterprise customers.

Short-Term Value (First Engagement) Long-Term Value (Across Engage ments)
» 40-60% faster time to market versus » Institutional memory retained across every
traditional delivery team, every project, every engagement
» 3x reduction in delivery risk from embedded » Continuous improvement built into the
governance and pre-validated patterns delivery platform, not dependent on individual
» 90%+ predictable quality outcomes from i
systemic rather than staffing-dependent » Lower total cost of change as each
quality engagement builds on accumulated

» Visible AI in production, not in demo et Eemee

environments » Progressive reduction in unit delivery costs as

the knowledge base matures

The long-term value is where the Compounding Build model most clearly separates from traditional delivery. In
traditional models, the unit cost of delivery is approximately constant across engagements: each project pays the
full Learning Tax. In the Compounding Build model, unit cost falls with each engagement. The enterprise's

investment in delivery appreciates rather than depreciates.

The Compounding Effect: Delivery Cost and Time Across Engagement

=@+ Traditional: Delivery Cost =@= Compounding Build: Delivery Cost
=@l= Traditional: Time to Production Compounding Build: Knowledge and assets are recreated for eery production
100 (Baseline) l----l-----l-ll-ll..|.||.l.l..l|.||.||.|L||..|u||..g._|-__-l .............. . .................
5 e
3 Traditional delivery:
1l Cost stays high.
H 80 Knowledge and assets are recreated
= for every engagement.
[}
% 55% saving
X 60 1
00
=
i
x
[}
g ,
Compounding Build: |7
60% cost reduction
by 5th engagement.
20
1st 2nd 3rd 4th 5th
Engagement Engagement Engagement Engagement Engagement
Source: Kaara delivery data and Compounding Build model projections. Traditional baseline based on McKinsey 2025 enterprise software delivery benchmarks.
(aora
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7. How Kaara Implements Compounding Build

Kaara has been building enterprise software for 13 years. The principles behind Compounding Build are not new

to us. What is new is the platform infrastructure that makes them executable at scale and the AI capability that

makes them transformative rather than merely incremental.

The platform that powers every Kaara engagement is Kaara.Code. It is not a code generation tool. It is an Al-

native engineering platform that turns enterprise knowledge into scalable, executable skills providing the

Enterprise Memory Layer that enables compounding build in practice.

7.1 The Three-Layer Architecture

Kaara.Code operates across three interconnected layers, each addressing a distinct component of the delivery

challenge.

®

The Mastery Layer:
Where Execution
Happens

The Mastery Layer is where
delivery occurs engineering
capability, Al-augmented
execution, production-grade
implementation. It is where
code is written, tested,
integrated, and deployed.
The Mastery Layer draws on
the other two layers to
execute with context and
within constraints, rather

than in isolation.

Kaara

©,

The Blueprint Layer:
Where Context is
Shaped

The Blueprint Layer captures
and structures enterprise
knowledge before it enters
execution. Business intent,
architecture standards,
regulatory requirements,
integration patterns, domain
conventions these are
encoded into structured
context that the Mastery
Layer can access at every
decision point. The Blueprint
Layer is what ensures every
engagement starts with full
enterprise knowledge, not a

blank slate.

®

The Memory Layer:
Where Intelligence
Compounds

The Memory Layer is what
makes Compounding Build
structurally different from
every other delivery model. It
persists everything learned
across engagements: what
decisions were made, why
they were made, what
constraints they satisfy, what
patterns they established.
Every engagement adds to
the Memory Layer. Every
subsequent engagement
starts from its accumulated
intelligence. The Mastery
executes. The Blueprint

shapes. The Memory learns.
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7.2 Six Offerings Across the Enterprise Delivery Lifecycle

Kaara's six offerings represent the complete enterprise delivery lifecycle from initial build through continuous

evolution. Each offering is powered by Kaara.Code and delivers the compounding properties described above.

Problem Addressed

Offering

The Compounding Difference

Business problem to production in
weeks. Al where it adds value,
engineering where it does not.

First engagement faster by 30%.
Every subsequent engagement builds on
established memory.

Kaara Build

Rapid discovery and architecture
definition for new programmes.

. Enterprise memory initialised from day one. No
Kaara Foundation

ramp-up on subsequent engagements.
Context capture from existing codebase.
Recovery builds on what exists, not from
scratch.

Failing or stalled programmes that

Kaara Rescue .
need rapid recovery.

Production AI systems that improve
rather than decay over time.

Operations feed the Memory Layer. Every

NERIRO/PE incident makes the system smarter.

Build internal enterprise capability to
run AI at scale.

Centre of Excellence practices encoded into

Kaara Cok the delivery platform. Capability compounds.

Legacy modernisation that is safe and
compounding.

Module-by-module transformation. Every

etz Evols module adds context for the next.

7.3 What Customers Get: The Performance Benchmarks

Traditional Model Kaara Compounding Build Improvement
Time to Production 4-6 months 6-8 weeks -75%
) : 4-6 weeks per )
Ramp-Up Time engagement Under 1 week 85%
. Variable (staffing . Systemic vs.
Code Quality dependent) 90%+ consistent personal
Cost Efficiency Baseline Up to 60% reduction Al-led productivity

Governance Readiness

Knowledge Retention

(CIO ra

Post-delivery retrofit

Leaves with the team

Built into execution

Persists in the system

Faster approvals, no
remediation

Zero walk-out risk
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8. Conclusion

The enterprise software industry has spent two years celebrating Al adoption. The celebrations are warranted.
Ninety percent of developers now use Al tools daily. Individual productivity is measurably higher. Code is written

faster, documented faster, refactored faster. The tools have delivered what they promised at the individual level.

What the research has also made clear, consistently and across independent sources, is that individual
productivity gains and enterprise delivery improvement are not the same thing. They are not even reliably
correlated. The DORA 2025 findings confirm that as AI adoption grows, delivery instability persists. McKinsey's
research shows that organisations achieving genuine system-level returns are the exception, not the rule, and that

what separates them is not the quality of their AI tools but the structural conditions those tools operate within.

The structural conditions are the issue. They have always been the issue. Al did not create Zero-Start Syndrome,
context collapse, the production gap, governance applied last, or quality dependent on staffing. These failures
were present in enterprise software delivery long before any AI coding tool existed. What Al did was remove the
one constraint that previously absorbed their cost: the slowness of code generation. When code was slow, these
structural failures were tolerable. Their cost was distributed across long timelines, absorbed as normal project
overhead, and rarely attributed to their actual cause. When code is fast, the structural failures become the critical

path. They are no longer tolerable. They are the bottleneck.

This is why the Compounding Build model matters. Not as a philosophical position on how software should be
delivered, but as a practical response to a structural problem that has become impossible to manage around. The
model is built on a single governing insight: enterprise knowledge should compound across engagements, not
reset with each one. Every decision made, every compliance requirement mapped, every architecture pattern
proven, every domain convention established should be available on the next engagement. Not as documentation

to be discovered and interpreted, but as executable context already woven into the delivery process.

The compounding effect changes the economics of enterprise delivery in a way that tooling alone cannot. The first
engagement is faster. The second is faster still, because it begins with the full institutional knowledge the first one
built. By the third, the accumulated context means that Zero-Start Syndrome, context collapse, and governance

retrofit are not problems to be managed. They are structural features of the delivery model, not structural failures.

The research on what separates high-performing Al delivery organisations from the rest is unambiguous. They
redesign workflows rather than layering Al onto the processes that existed before it. They encode knowledge into
systems rather than storing it in documentation. They embed governance into execution rather than applying it
after the fact. They measure delivery outcomes rather than adoption metrics. These are not aspirational
characteristics. They are operational ones, present in organisations already achieving compounding returns from

Al investment.

The question enterprise technology leaders face is not whether delivery needs to change. Two years of convergent
research from DORA, McKinsey, ISG, and Faros AI have answered that question. The question is how quickly the

structural change happens, and whether it happens by design or by accumulating the cost of not changing.
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The organisations that move first on structural redesign will not simply be faster than those that do not. They will
be compoundingly faster, with progressively lower unit costs and progressively higher quality, for as long as the
structural advantage is maintained. The Learning Tax accrues to every engagement that resets. The knowledge

dividend accrues to every engagement that builds.

The bottleneck was never code generation. It was always the knowledge that did not survive the engagement
that created it.

Research Sources and References

®

DORA (DevOps Research

and Assessment)

» State of AI-Assisted
Software Development
Report 2025, Google Cloud
/ DORA

» Accelerate State of DevOps
Report 2024, Google Cloud
/ DORA

Kaara

®

McKinsey and
Company

»

»

»

»

Measuring Al in Software
Development (December
2025) Interview with

Jellyfish CEO Andrew Lau

Unlocking the Value of Al in
Software Development
(November 2025)

How an AI-Enabled
Software Product
Development Life Cycle Will
Fuel Innovation (February
2025)

The State of Al in 2025:
Agents, Innovation, and

Transformation

Unleash Developer
Productivity with Generative
Al (2023)

®

Additional Research
Sources

»

»

»

»

»

»

ISG 2025: Enterprise AI
Production Deployment

Rate Analysis

Faros Al: Engineering
Telemetry Study (10,000+
Developers, 2025)

GitClear Research: AI-
Assisted Development Code
Churn Analysis (2024-
2025)

ISG 2025: Enterprise Al
Production Deployment
Rate Analysis. The ISG Al
Adoption and Production

Readiness Study

Stack Overflow Developer
Survey 2025

BCG Al in Enterprise
Software Delivery Research
2025
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About Kaara

Kaara is the originator of the Compounding Build category an Al-native enterprise engineering company that has

been delivering production-grade software solutions for 13 years.

With 220+ professionals, Kaara serves 50+ enterprise customers including Microsoft, Bosch, Nokia, ABInBev,

Experian, and Mahindra Finance across BFSI, healthcare, supply chain, retail, pharmaceuticals, and

manufacturing.

Every Kaara engagement is powered by Kaara.Code our Al-native engineering platform that provides the

Enterprise Memory Layer enabling compounding delivery in practice. We do not just describe the Compounding
Build model. We deliver it.

) P4 N\ 9

www.kaara.ai info@kaaratech.com +91-40-4604 6786 Gachibowli,
Hyderabad, India |
Atlanta, USA
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